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ABSTRAK

Penelitian ini bertujuan untuk menganalisis dan mengklasifikasikan sentimen
kepuasan pengguna aplikasi Grab berdasarkan ulasan pada Google Play Store
menggunakan algoritma Support Vector Machine (SVM). Sebanyak 2.000 data
ulasan dikumpulkan melalui proses scraping, dan setelah tahap pra-pemrosesan
yang meliputi lowercasing, cleaning, tokenisasi, stopword removal, dan stemming,
diperoleh 1.893 data valid untuk pemodelan. Pelabelan sentimen dilakukan
berdasarkan rating pengguna, yaitu rating 1-2 sebagai negatif, rating 3 sebagai
netral, dan rating 4-5 sebagai positif. Ekstraksi fitur dilakukan menggunakan
metode Term Frequency—Inverse Document Frequency (TF-IDF) untuk mengubah
teks menjadi representasi numerik berdimensi tinggi. Model klasifikasi dibangun
menggunakan SVM kernel linear dengan pendekatan multiclass One-vs-Rest
(OVvR), serta diterapkan teknik SMOTE dan pengaturan class weight untuk
menangani ketidakseimbangan data. Dataset dibagi menjadi 80% data latih dan
20% data uji. Hasil evaluasi menunjukkan bahwa model memperoleh train accuracy
sebesar 93,26% dan test accuracy sebesar 82,11%. Model menunjukkan performa
sangat baik pada kelas positif (F1-score 0,91), cukup stabil pada kelas negatif (F1-
score 0,74), namun masih rendah pada kelas netral (F1-score 0,20) akibat distribusi
data yang tidak seimbang dan karakteristik sentimen yang ambigu. Secara
keseluruhan, kombinasi TF-IDF. dan SVM linear efektif digunakan dalam
klasifikasi sentimen teks berdimensi tinggi serta mampu memberikan gambaran
objektif mengenai tingkat kepuasan pengguna aplikasi Grab, meskipun masih

memiliki keterbatasan dalam mendeteksi kelas minoritas secara optimal.

Kata kunci: Analisis Sentimen, Support Vector Machine, TF-IDF, Multiclass
Classification, SMOTE, Grab, Machine Learning.



ABSTRACT

This study aims to analyze and classify user satisfaction sentiment toward the Grab
application based on reviews from the Google Play Store using the Support Vector
Machine (SVM) algorithm. A total of 2,000 user reviews were collected through a
scraping process, and after preprocessing steps including lowercasing, cleaning,
tokenization, stopword removal, and stemming, 1,893 valid reviews were used for
modeling. Sentiment labels were assigned based on user ratings, where ratings of
1-2 were categorized as negative, rating 3 as neutral, and ratings of 4—5 as positive.
Feature extraction was performed using the Term Frequency—Inverse Document
Frequency (TF-IDF) method to transform textual data into high-dimensional
numerical vectors. The classification model was built using a linear kernel SVM
with a multiclass One-vs-Rest (OvR) approach. To address class imbalance,
SMOTE and class weight adjustments were applied. The dataset was split into 80%
training data and 20% testing data. The evaluation results indicate that the model
achieved a training accuracy of 93.26% and a testing accuracy of 82.11%. The
model demonstrated excellent performance on the positive class (F1-score = 0.91)
and stable performance on the negative class (F1-score = 0.74), while performance
on the neutral class remained low (F1-score = 0.20) due to data imbalance and
semantic ambiguity. Overall, the combination of TF-IDF and linear SVM proved
effective for high-dimensional text sentiment classification and provided an
objective overview of user satisfaction toward the Grab application, although

limitations remain in detecting minority classes optimally.

Keywords: Sentiment Analysis, Support Vector Machine, TF-IDF, Multiclass
Classification, SMOTE, Grab.
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