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ABSTRAK

Kebijakan kenaikan (PPN) sebesar 12% menimbulkan beragam reaksi masyarakat
Twitter, sehingga penelitian ini dilakukan untuk menganalisis sentimen netizen
terhadap isu tersebut. Data dikumpulkan melalui scraping sebanyak 3.636 tweet
dan setelah tahap preprocessing serta pelabelan tersisa 3.316 data yang terbagi ke
dalam tiga kategori sentimen, yaitu positif, negatif, dan netral. Metode yang
digunakan adalah K-Nearest Neighbor (KNN) sebagai algoritma utama dengan
perbandingan terhadap Support Vector Machine (SVM). Evaluasi kinerja dilakukan
menggunakan classification report yang mencakup accuracy, precision recall, dan
fl-score, dan hasilnya menunjukkan bahwa SVM memiliki performa yang
kompetitif dibandingkan KNN.

Kata kunci : Analisis Sentimen, PPN 12%, Twitter, K-Nearest Neighbor, Support Vector

Machine.



ABSTRACT

The government’s policy of increasing the Value Added Tax (VAT) to 12% has
sparked various public reactions on Twitter, prompting this research to analyze
netizens’ sentiments regarding the issue. A total of 3,636 tweets were collected
through scraping, and after preprocessing and labeling, 3,316 data remained
categorized into positive, negative, and neutral sentiments. The method applied in
this study is K-Nearest Neighbor (KNN) as the primary algorithm, compared with
Support Vector Machine (SVM). Model performance was evaluated using a
classification report covering accuracy, precision, recall, and f1-score, with the
results showing that SVM achieved competitive performance compared to KNN..

Kata kunci : Sentiment Analysis, VAT 12%, Twitter, K-Nearest Neighbor, Support
Vector Machine.
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