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ABSTRAK

Penelitian ini membahas implementasi algoritma Support Vector Machine (SVM)
untuk klasifikasi kelayakan kredit nasabah pada perusahaan perbankan. Kelayakan
kredit merupakan faktor penting dalam proses pengambilan keputusan pemberian
pinjaman, karena kesalahan dalam menilai kelayakan dapat meningkatkan risiko
kredit macet. Dataset yang digunakan berasal dari data historis nasabah yang
mencakup atribut seperti usia, penghasilan, status pekerjaan, tanggungan, riwayat
pembayaran, jumlah tagihan, dan lama bekerja. Penelitian ini dilakukan melalui dua
pendekatan: perhitungan manual menggunakan 10 sampel data, serta implementasi
otomatis menggunakan Python dan Streamlit. Hasil perhitungan manual
menunjukkan accuracy sebesar 60%, sedangkan implementasi otomatis
menghasilkan accuracy sebesar 90,21%. Model juga menunjukkan nilai precision
sebesar 0,91 dan recall sebesar 0,88 untuk kategori nasabah layak. Temuan ini
menunjukkan bahwa algoritma SVM dapat diandalkan untuk membantu proses

evaluasi kelayakan kredit secara lebih akurat dan efisien.

Kata kunci: Support Vector Machine, Kelayakan Kredit, Klasifikasi, Evaluasi.



ABSTRACT

This study discusses the implementation of the Support Vector Machine (SVM)
algorithm for classifying customer creditworthiness in a banking company.
Creditworthiness is a crucial factor in loan decision-making, as incorrect
assessments can lead to an increased risk of bad credit. The dataset used consists
of historical customer data, including attributes such as age, income, employment
status, number of dependents, payment history, total bills, and years of employment.
The study was conducted through two approaches: manual calculation using 10
sample data points and automated implementation using Python and Streamlit. The
manual calculation resulted in an accuracy of 60%, while the automated model
achieved an accuracy of 90.21%. The model also showed a precision of 0.91 and a
recall of 0.88 for the eligible customer category. These findings indicate that the
SVM algorithm is reliable for supporting creditworthiness evaluation more

accurately and efficiently.

Keywords: Support Vector Machine, Creditworthiness, Classification, Evaluation.
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