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ABSTRAK

Perkembangan teknologi informasi telah mendorong pertumbuhan layanan streaming film
seperti Netflix yang menjadi pilihan utama masyarakat dalam menikmati hiburan secara
online. Ulasan pengguna di Google Play Store menjadi sumber informasi yang berharga untuk
mengevaluasi kepuasan dan pengalaman pengguna. Penelitian ini bertujuan untuk
menganalisis dan membandingkan performa algoritma Support Vector Machine (SVM) dan K-
Nearest Neighbor (KNN) dalam mengklasifikasikan sentimen ulasan pengguna aplikasi
Netflix berbahasa Indonesia. Data penelitian berjumlah 5.000 ulasan yang diperoleh melalui
teknik web scraping, kemudian melalui tahap preprocessing berupa data cleansing, case
folding, normalisasi, penghapusan stopword, tokenizing, dan stemming. Pelabelan sentimen
dilakukan dengan pendekatan Lexicon-Based menjadi tiga kelas (positif, netral, negatif).
Selanjutnya, data dibagi menjadi training set dan testing set dengan rasio 80:20 serta
direpresentasikan menggunakan TF-IDF. Evaluasi kinerja model dilakukan menggunakan
confusion matrix dan metode k-fold cross-validation dengan metrik accuracy, precision, recall,
dan F1-score. Hasil penelitian menunjukkan distribusi sentimen terdiri dari 36,11% netral,
34,29% positif, dan 29,59% negatif. Algoritma SVM (linear) memperoleh rata-rata akurasi
sebesar 90,87%, precision sebesar 91,08%, recall sebesar 90,82%, dan F1-score sebesar
90,93%, dengan performa yang relatif stabil pada setiap fold. Sementara itu, algoritma KNN
(k=5) menghasilkan akurasi rata-rata sebesar 60,86%, precision 72,96%, recall 59,24%, dan
Fl-score 59,23%, dengan variasi performa antar fold yang lebih besar. Perbandingan ini
menunjukkan bahwa SVM memiliki performa lebih unggul dan konsisten dalam
mengklasifikasikan sentimen dibandingkan KNN, sehingga dapat menjadi metode yang lebih

efektif untuk analisis sentimen ulasan aplikasi berbasis pengguna.

Kata kunci: Analisis Sentimen, Support Vector Machine, K-Nearest Neighbor, Cross
Validation, Netflix, Google Play Store, Text Mining.



ABSTRACT

The development of information technology has driven the growth of film streaming services
such as Netflix, which has become one of the main choices for people to enjoy entertainment
online. User reviews on the Google Play Store serve as a valuable source of information to
evaluate user satisfaction and experience. This study aims to analyze and compare the
performance of the Support Vector Machine (SVM) and K-Nearest Neighbor (KNN) algorithms
in classifying Indonesian-language Netflix user reviews. A total of 5,000 reviews were collected
through web scraping and then processed through several preprocessing steps, including data
cleansing, case folding, normalization, stopword removal, tokenizing, and stemming.
Sentiment labeling was performed using a Lexicon-Based approach into three classes
(positive, neutral, negative). The dataset was then split into training and testing sets with an
80:20 ratio and represented using TF-IDF before being processed by both algorithms. Model
performance was evaluated using a confusion matrix and k-fold cross-validation with
accuracy, precision, recall, and Fl-score as evaluation metrics. The results show that the
sentiment distribution consists of 36.11% neutral, 34.29% positive, and 29.59% negative
reviews. The SVM (linear) algorithm achieved an average accuracy of 90.87%, precision of
91.08%, recall of 90.82%, and FI-score of 90.93%, with relatively stable performance across
folds. Meanwhile, the KNN algorithm (k=5) achieved an average accuracy of 60.86%,
precision of 72.96%, recall of 59.24%, and Fl-score of 59.23%, with greater performance
variations between folds. These findings indicate that SVM outperforms KNN and
demonstrates more consistent performance in sentiment classification, making it a more

effective method for analyzing user-generated application reviews.

Keywords: Sentiment Analysis, Support Vector Machine, K-Nearest Neighbor, Cross
Validation, Netflix, Google Play Store, Text Mining.
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