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LAMPIRAN 1 

(MATLAB Codes) 

 

Inline code untuk membersihkan workspace dan command windows 

close all; 

clear all; 

clc; 

Inline code untuk memasukkan citra 

I=imread('Filename’); 

Inline code untuk merubah citra menjadi double presisi 

I2=im2double(I); 

Inline code untuk merubah citra berformat RGB menjadi Grayscale 

Im=rgb2gray(I2); 

Ima=rgb2gray(I); 

Inline code Average Filter beserta menampilkannya dalam bentuk figure, dan savefile 

K=1/9*ones(3,3)'; 

Average=conv2(Im,K,'same'); 

figure(1);imshow(Im),title('Original Image'); 

figure(2);imshow(Average),title('Average Filter'); 

imwrite(Average,'img-01101-00024 Average.png') 

Inline code Gaussian Filter beserta menampilkannya dalam bentuk figure, dan savefile 

Gaussian=imgaussfilt(Ima,0.75); 

figure(3);imshow(Gaussian),title('Gaussian Filter'); 

imwrite(Gaussian,'img-01101-00024 Gaussian.png') 

Inline code Median Filter beserta menampilkannya dalam bentuk figure, dan savefile 

Median=medfilt2(Ima,[3,3]); 

figure(4);imshow(Median),title('Median Filter'); 

imwrite(Median,'img-01101-00024 Median.png') 

Inline code Bilateral Filter beserta menampilkannya dalam bentuk figure, dan savefile 

Bilateral=imbilatfilt(Ima,NeighborhoodSize=3); 

figure(5);imshow(Bilateral),title('Bilateral Filter'); 

imwrite(Bilateral,'img-01101-00024 Bilateral.png') 
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Inline code untuk mencari nilai PSNR, MSE, RMSE, SSIM Average Filter beserta 

menampilkan hasilnya di command window 

PSNR=psnr(Im,Average); 

MSE=immse(Im,Average); 

RMSE=sqrt(MSE); 

SSIM=ssim(Im,Average); 

Average=[PSNR MSE RMSE SSIM] 

Inline code untuk mencari nilai PSNR, MSE, RMSE, SSIM Gaussian Filter beserta 

menampilkan hasilnya di command window 

PSNR=psnr(Ima,Gaussian); 

MSEG=immse(Ima,Gaussian); 

RMSE=sqrt(MSEG); 

SSIM=ssim(Ima,Gaussian); 

Gaussian=[PSNR MSEG RMSE SSIM] 

Inline code untuk mencari nilai PSNR, MSE, RMSE, SSIM Median Filter beserta 

menampilkan hasilnya di command window 

PSNR=psnr(Ima,Median); 

MSEM=immse(Ima,Median); 

RMSE=sqrt(MSEM); 

SSIM=ssim(Ima,Median); 

Median=[PSNR MSEM RMSE SSIM] 

Inline code untuk mencari nilai PSNR, MSE, RMSE, SSIM Bilateral Filter beserta 

menampilkan hasilnya di command window 

PSNR=psnr(Ima,Bilateral); 

MSEB=immse(Ima,Bilateral); 

RMSE=sqrt(MSEB); 

SSIM=ssim(Ima,Bilateral); 

Bilateral=[PSNR MSEB RMSE SSIM]  
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LAMPIRAN 2 

(Kuesioner Dokter Spesialis Radiologi) 
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LAMPIRAN 3 

(Uji Validitas) 

 

Correlations Average Filter 

 A1 A2 A3 A4 A5 A6 A7 A8 A 

A1 Pearson Correlation 1 .976** .873 .000 .733 .867 .891* .419 .900* 

Sig. (2-tailed)  .004 .053 1.000 .159 .057 .042 .482 .037 

N 5 5 5 5 5 5 5 5 5 

A2 Pearson Correlation .976** 1 .932* .000 .626 .808 .895* .358 .871 

Sig. (2-tailed) .004  .021 1.000 .258 .098 .040 .554 .055 

N 5 5 5 5 5 5 5 5 5 

A3 Pearson Correlation .873 .932* 1 .323 .490 .692 .921* .480 .864 

Sig. (2-tailed) .053 .021  .596 .402 .195 .026 .413 .059 

N 5 5 5 5 5 5 5 5 5 

A4 Pearson Correlation .000 .000 .323 1 .000 .000 .310 .620 .283 

Sig. (2-tailed) 1.000 1.000 .596  1.000 1.000 .612 .264 .645 

N 5 5 5 5 5 5 5 5 5 

A5 Pearson Correlation .733 .626 .490 .000 1 .961** .774 .740 .854 

Sig. (2-tailed) .159 .258 .402 1.000  .009 .125 .153 .066 

N 5 5 5 5 5 5 5 5 5 

A6 Pearson Correlation .867 .808 .692 .000 .961** 1 .896* .694 .940* 

Sig. (2-tailed) .057 .098 .195 1.000 .009  .039 .194 .017 

N 5 5 5 5 5 5 5 5 5 

A7 Pearson Correlation .891* .895* .921* .310 .774 .896* 1 .731 .988** 

Sig. (2-tailed) .042 .040 .026 .612 .125 .039  .161 .002 

N 5 5 5 5 5 5 5 5 5 

A8 Pearson Correlation .419 .358 .480 .620 .740 .694 .731 1 .766 

Sig. (2-tailed) .482 .554 .413 .264 .153 .194 .161  .131 

N 5 5 5 5 5 5 5 5 5 

A Pearson Correlation .900* .871 .864 .283 .854 .940* .988** .766 1 

Sig. (2-tailed) .037 .055 .059 .645 .066 .017 .002 .131  

N 5 5 5 5 5 5 5 5 5 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 
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Correlations Gaussian Filter 

 G1 G2 G3 G4 G5 G6 G7 G8 G 

G1 Pearson Correlation 1 1.000** 1.000** .791 .535 .535 .791 .802 .919* 

Sig. (2-tailed)  .000 .000 .111 .353 .353 .111 .103 .028 

N 5 5 5 5 5 5 5 5 5 

G2 Pearson Correlation 1.000** 1 1.000** .791 .535 .535 .791 .802 .919* 

Sig. (2-tailed) .000  .000 .111 .353 .353 .111 .103 .028 

N 5 5 5 5 5 5 5 5 5 

G3 Pearson Correlation 1.000** 1.000** 1 .791 .535 .535 .791 .802 .919* 

Sig. (2-tailed) .000 .000  .111 .353 .353 .111 .103 .028 

N 5 5 5 5 5 5 5 5 5 

G4 Pearson Correlation .791 .791 .791 1 .000 .000 .500 .845 .645 

Sig. (2-tailed) .111 .111 .111  1.000 1.000 .391 .071 .239 

N 5 5 5 5 5 5 5 5 5 

G5 Pearson Correlation .535 .535 .535 .000 1 1.000** .845 .429 .764 

Sig. (2-tailed) .353 .353 .353 1.000  .000 .071 .472 .133 

N 5 5 5 5 5 5 5 5 5 

G6 Pearson Correlation .535 .535 .535 .000 1.000** 1 .845 .429 .764 

Sig. (2-tailed) .353 .353 .353 1.000 .000  .071 .472 .133 

N 5 5 5 5 5 5 5 5 5 

G7 Pearson Correlation .791 .791 .791 .500 .845 .845 1 .845 .968** 

Sig. (2-tailed) .111 .111 .111 .391 .071 .071  .071 .007 

N 5 5 5 5 5 5 5 5 5 

G8 Pearson Correlation .802 .802 .802 .845 .429 .429 .845 1 .873 

Sig. (2-tailed) .103 .103 .103 .071 .472 .472 .071  .053 

N 5 5 5 5 5 5 5 5 5 

G Pearson Correlation .919* .919* .919* .645 .764 .764 .968** .873 1 

Sig. (2-tailed) .028 .028 .028 .239 .133 .133 .007 .053  

N 5 5 5 5 5 5 5 5 5 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 
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Correlations Median Filter 

 M1 M2 M3 M4 M5 M6 M7 M8 M 

M1 Pearson Correlation 1 .667 .167 .000 1.000** .667 .167 .000 .484 

Sig. (2-tailed)  .219 .789 1.000 .000 .219 .789 1.000 .408 

N 5 5 5 5 5 5 5 5 5 

M2 Pearson Correlation .667 1 .667 .456 .667 1.000** .667 .456 .836 

Sig. (2-tailed) .219  .219 .440 .219 .000 .219 .440 .077 

N 5 5 5 5 5 5 5 5 5 

M3 Pearson Correlation .167 .667 1 .913* .167 .667 1.000** .913* .924* 

Sig. (2-tailed) .789 .219  .030 .789 .219 .000 .030 .025 

N 5 5 5 5 5 5 5 5 5 

M4 Pearson Correlation .000 .456 .913* 1 .000 .456 .913* 1.000** .844 

Sig. (2-tailed) 1.000 .440 .030  1.000 .440 .030 .000 .072 

N 5 5 5 5 5 5 5 5 5 

M5 Pearson Correlation 1.000** .667 .167 .000 1 .667 .167 .000 .484 

Sig. (2-tailed) .000 .219 .789 1.000  .219 .789 1.000 .408 

N 5 5 5 5 5 5 5 5 5 

M6 Pearson Correlation .667 1.000** .667 .456 .667 1 .667 .456 .836 

Sig. (2-tailed) .219 .000 .219 .440 .219  .219 .440 .077 

N 5 5 5 5 5 5 5 5 5 

M7 Pearson Correlation .167 .667 1.000** .913* .167 .667 1 .913* .924* 

Sig. (2-tailed) .789 .219 .000 .030 .789 .219  .030 .025 

N 5 5 5 5 5 5 5 5 5 

M8 Pearson Correlation .000 .456 .913* 1.000** .000 .456 .913* 1 .844 

Sig. (2-tailed) 1.000 .440 .030 .000 1.000 .440 .030  .072 

N 5 5 5 5 5 5 5 5 5 

M Pearson Correlation .484 .836 .924* .844 .484 .836 .924* .844 1 

Sig. (2-tailed) .408 .077 .025 .072 .408 .077 .025 .072  

N 5 5 5 5 5 5 5 5 5 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 
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Correlations Bilateral Filter 

 B1 B2 B3 B4 B5 B6 B7 B8 B 

B1 Pearson Correlation 1 1.000** .869 .559 1.000** .919* .729 .612 .922* 

Sig. (2-tailed)  .000 .056 .327 .000 .028 .162 .272 .026 

N 5 5 5 5 5 5 5 5 5 

B2 Pearson Correlation 1.000** 1 .869 .559 1.000** .919* .729 .612 .922* 

Sig. (2-tailed) .000  .056 .327 .000 .028 .162 .272 .026 

N 5 5 5 5 5 5 5 5 5 

B3 Pearson Correlation .869 .869 1 .896* .869 .764 .733 .873 .952* 

Sig. (2-tailed) .056 .056  .039 .056 .133 .159 .053 .012 

N 5 5 5 5 5 5 5 5 5 

B4 Pearson Correlation .559 .559 .896* 1 .559 .456 .575 .913* .769 

Sig. (2-tailed) .327 .327 .039  .327 .440 .310 .030 .129 

N 5 5 5 5 5 5 5 5 5 

B5 Pearson Correlation 1.000** 1.000** .869 .559 1 .919* .729 .612 .922* 

Sig. (2-tailed) .000 .000 .056 .327  .028 .162 .272 .026 

N 5 5 5 5 5 5 5 5 5 

B6 Pearson Correlation .919* .919* .764 .456 .919* 1 .910* .667 .919* 

Sig. (2-tailed) .028 .028 .133 .440 .028  .032 .219 .028 

N 5 5 5 5 5 5 5 5 5 

B7 Pearson Correlation .729 .729 .733 .575 .729 .910* 1 .840 .890* 

Sig. (2-tailed) .162 .162 .159 .310 .162 .032  .075 .043 

N 5 5 5 5 5 5 5 5 5 

B8 Pearson Correlation .612 .612 .873 .913* .612 .667 .840 1 .868 

Sig. (2-tailed) .272 .272 .053 .030 .272 .219 .075  .057 

N 5 5 5 5 5 5 5 5 5 

B Pearson Correlation .922* .922* .952* .769 .922* .919* .890* .868 1 

Sig. (2-tailed) .026 .026 .012 .129 .026 .028 .043 .057  

N 5 5 5 5 5 5 5 5 5 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 
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1 2 3 4 5

P1 10% 5 4 5 3 4 0,8054 0,9000 Valid

P1 20% 5 4 5 2 4 0,8054 0,8710 Valid

P1 40% 4 4 5 2 4 0,8054 0,8640 Valid

P1 60% 3 4 5 4 4 0,8054 0,2830 Tidak Valid

P2 10% 5 4 5 3 2 0,8054 0,8540 Valid

P2 20% 5 4 5 2 2 0,8054 0,9400 Valid

P2 40% 4 4 5 2 3 0,8054 0,9880 Valid

P2 60% 3 4 5 3 2 0,8054 0,7660 Tidak Valid

Uji Validitas Average Filter

Pertanyaan
Responden

R Tabel R Hitung Keterangan

1 2 3 4 5

P1 10% 4 4 5 4 4 0,8054 0,9190 Valid

P1 20% 4 4 5 4 4 0,8054 0,9190 Valid

P1 40% 4 4 5 4 4 0,8054 0,9190 Valid

P1 60% 3 4 5 4 4 0,8054 0,6450 Tidak Valid

P2 10% 5 4 5 4 3 0,8054 0,7640 Tidak Valid

P2 20% 5 4 5 4 3 0,8054 0,7640 Tidak Valid

P2 40% 4 4 5 4 3 0,8054 0,9680 Valid

P2 60% 3 4 5 4 3 0,8054 0,8730 Valid

Uji Validitas Gaussian Filter

Pertanyaan
Responden

R Tabel R Hitung Keterangan

1 2 3 4 5

P1 10% 5 4 5 4 4 0,8054 0,4840 Tidak Valid

P1 20% 5 5 5 4 4 0,8054 0,8360 Valid

P1 40% 4 5 5 4 4 0,8054 0,9240 Valid

P1 60% 3 5 5 3 4 0,8054 0,8440 Valid

P2 10% 5 4 5 4 4 0,8054 0,4840 Tidak Valid

P2 20% 5 5 5 4 4 0,8054 0,8360 Valid

P2 40% 4 5 5 4 4 0,8054 0,9240 Valid

P2 60% 3 5 5 3 4 0,8054 0,8440 Valid

Uji Validitas Median Filter

Pertanyaan
Responden

R Tabel R Hitung Keterangan

1 2 3 4 5

P1 10% 5 5 5 3 4 0,8054 0,9220 Valid

P1 20% 5 5 5 3 4 0,8054 0,9220 Valid

P1 40% 4 5 5 3 4 0,8054 0,9520 Valid

P1 60% 3 5 5 3 4 0,8054 0,7690 Tidak Valid

P2 10% 5 5 5 3 4 0,8054 0,9220 Valid

P2 20% 5 5 5 3 3 0,8054 0,9190 Valid

P2 40% 4 5 5 3 2 0,8054 0,8900 Valid

P2 60% 3 5 5 3 3 0,8054 0,8680 Valid

Uji Validitas Bilateral Filter

Pertanyaan
Responden

R Tabel R Hitung Keterangan
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LAMPIRAN 4 

(Uji Reliabilitas) 

 

Reliability Statistics 

Average Filter 

Cronbach's 

Alpha N of Items 

.930 8 

 

 

Reliability Statistics 

Gaussian Filter 

Cronbach's 

Alpha N of Items 

.923 8 

 

 

Reliability Statistics 

Median Filter 

Cronbach's 

Alpha N of Items 

.890 8 

 

 

Reliability Statistics 

Bilateral Filter 

Cronbach's 

Alpha N of Items 

.960 8 
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LAMPIRAN 5 

(CTDIvol dan DLP yang diterima oleh Subjek Penelitian) 

 

Dose Reduction 10% 

 

Dose Reduction 20% 

 

Dose Reduction 40% 

 

Dose Reduction 60% 
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LAMPIRAN 6 

(Ethical Clearance) 

 

 

 


