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ABSTRAK

Penelitian ini bertujuan untuk mengklasifikasikan sentimen publik terhadap kebijakan
kendaraan listrik dengan menggunakan algoritma Naive Bayes dan Support Vector
Machine. Data yang digunakan diperoleh melalui proses crawling dari media sosial
Twitter, yang kemudian melalui tahapan preprocessing, labeling menggunakan TextBlob,
dan weighting menggunakan TF-IDF, model diklasifikasikan ke dalam tiga kategori
sentimen positif, negatif, dan netral. Model klasifikasi diuji berdasarkan metrik akurasi,
presisi, recall, dan Fl-score. Hasil penelitian menunjukkan bahwa algoritma Support
Vector Machine memiliki akurasi yang lebih tinggi dibandingkan Naive Bayes, dengan nilai
masing-masing sebesar 81% dan 76%. Temuan ini mengindikasikan bahwa Support Vector
Machine lebih efektif dalam mengklasifikasikan sentimen publik terhadap kebijakan
kendaraan listrik. Dengan demikian, penclitian ini diharapkan dapat memberikan wawasan
yang lebih mendalam serta meningkatkan pemahaman masyarakat mengenai sentimen

publik terhadap kebijakan pemerintah terkait kendaraan listrik.

Kata kunci: Sentimen publik, kendaradan listrik, Naive Bayes, Support Vector Machine,

Twitter, klasifikasi sentimen, kebijakan pemerintah.
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ABSTRACT

This study aims to classify public sentiment towards electric vehicle policies using the
Naive Bayes and Support Vector Machine algorithms. The data used were obtained through
a crawling process from Twitter social media, which then went through the preprocessing
stage, labeling using TextBlob, and weighting using TF-IDEF, the model was classified into
three categories of positive, negative, and neutral sentiment. The classification model was
tested based on the metrics of accuracy, precision, recall, and F1-score. The results showed
that the Support Vector Machine algorithm had a higher accuracy than Naive Bayes, with
values of 81% and 76%, respectively. These findings indicate that Support Vector Machine
is more effective in classifying public sentiment towards electric vehicle policies. Thus,
this study is expected to provide deeper insights and increase public understanding of

public sentiment towards government policies related to clectric vehicles.

Keywords: Public sentiment, electric vehicles, Naive Bayes, Support Vector Machine,

Twitter, sentiment classification, government policy.
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