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ABSTRAK

Penelitian ini bertujuan untuk menganalisis sentimen ulasan pengguna
aplikasi Facebook di Google Play Store dengan menggunakan algoritma Naive
Bayes dan K-Nearest Neighbor (KNN). Data ulasan sebanyak 5000 dikumpulkan
melalui proses web scraping menggunakan Python, kemudian dilakukan
preprocessing untuk membersihkan dan mempersiapkan data. Proses ini
melibatkan teknik seperti stopword removal, stemming, dan tokenisasi. Dataset
dibagi dengan rasio terbaik 80:20 untuk pelatihan dan pengujian model. Evaluasi
kinerja algoritma dilakukan berdasarkan metrik akurasi, precision, recall, dan F1-
score. Hasil penelitian menunjukkan bahwa , Naive Bayes menunjukkan Kinerja
yang lebih unggul yaitu akurasi 76%, precision 77%, recall 76%, dan F1-score
76%, dibandingkan KNN vyaitu akurasi 74%, precision 75%, recall 74%, dan F1-
score 74%. Berdasarkan hasil ini, model Naive Bayes dipilih untuk di-deploy
menggunakan framework Flask, menghasilkan aplikasi sederhana yang dapat

memprediksi sentimen ulasan baru secara real-time.

Kata kunci : Facebook, Google Play Store, Naive Bayes, K-Nearest
Neighbor (KNN), Flask
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ABSTRACT

This research aims to analyze the sentiment of Facebook application user
reviews on the Google Play Store using the Naive Bayes and K-Nearest Neighbor
(KNN) algorithms. The 5000 review data was collected through a web scraping
process using Python, then preprocessing was done to clean and prepare the data.
This process involved techniques such as stopword removal, stemming, and
tokenization. The dataset was divided with the best ratio of 80:20 for model training
and testing. Algorithm performance evaluation is done based on accuracy,
precision, recall, and F1-score metrics. The results showed that Naive Bayes
showed superior performance with 76% accuracy, 77% precision, 76% recall, and
76% F1-score, compared to KNN with 74% accuracy, 75% precision, 74% recall,
and 74% F1-score. Based on these results, the Naive Bayes model was chosen to
be deployed using the Flask framework, resulting in a simple application that can

predict the sentiment of new reviews in real-time.

Keywords : Facebook, Google Play Store, Naive Bayes, K-Nearest
Neighbor (KNN), Flask
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