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ABSTRAK

Penelitian ini membahas tentang analisis sentimen data Twitter terkait isu kesehatan
mental pascapandemi COVID-19 dengan menggunakan metode Naive Bayes dan Support
Vector Machine (SVM) Penelitian ini bertujuan untuk memahami sentimen publik dan
implikasinya terhadap kesehatan mental pascapandemi dengan menganalisis kumpulan data
tweet. Tweet dikategorikan menjadi tiga kelas yaitu, sentimen positif, negatif, atau netral yang
di uji menggunakan metode Naive Bayes dan SVM dan dengan membandingkan kedua metode
tersebut. Beberapa orang menggunakan berbagai platform media sosial, termasuk Twitter,
untuk berbagi keluhan, menawarkan saran satu sama lain, dan berbagi informasi tentang
kesehatan mental dalam upaya menghindari dampak psikologis ini. Penelitian ini dilakukan
untuk menganalisis opini publik terhadap isu kesehatan mental pascapandemi Covid-19,
sehingga dapat diketahui gambaran umum, stigma yang berkembang di masyarakat terhadap
isu kesehatan mental, dan sikap publik terhadap menjaga kesehatan mental pascapandemi
Covid-19. Analisis sentimen publik terkait isu kesehatan mental di Twitter menghasilkan
38,34% netral, 32,56% positif, dan 29,09% negatif. Perbandingan hasil akurasi menggunakan
metode SVM memiliki Kinerja tertinggi, akurasi yang diperoleh sebesar 84%, sedangkan nilai

akurasi Naive Bayes sebesar 80%.

Kata Kunci: Kesehatan Mental, Covid-19, Analisis Sentimen, Twitter, Naive Bayes, Support

Vector Machine



ABSTRACK

The sentiment analysis of Twitter data related to mental health issues following the
COVID-19 pandemic, employing Naive Bayes and Support Vector Machine (SVM) methods is
investigated. By analyzing a large corpus of tweets, the study aims to understand public
sentiment and its implications for mental health in the post-pandemic context. The Naive Bayes
and SVM classifiers were used to categorize tweets into positive, negative, and neutral
sentiments. To prevent these psychological effects, some people share their complaints, give
each other advice, and information about mental health on various social media platforms,
including Twitter. This study was conducted to analyze public opinion on mental health issues
after the Covid-19 pandemic, so that we can find out the general picture, the stigma that has
developed in society towards mental health issues, and public attitudes about maintaining
mental health after the Covid-19 pandemic. Analysis of public sentiment regarding mental
health issues on Twitter resulted in 38.34% being neutral, 32.56% being positive and 29.09%
being negative. Comparison of accuracy results using the SVM method has the highest
performance, the accuracy obtained is 84%, while the accuracy value of Naive Bayes is 80%.

Keywords: Mental Health, Covid-19, Sentiment Analysis, Twitter, Naive Bayes, Support Vector
Machine
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