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ABSTRACT

There are concerns over the applicability of the star rating when it comes to e-learning
apps on the Google Play Store because they are downloaded with a similar amount of stars.
Moodle is an e-learning program with 153 thousand ratings and a star rating of 4.4 out of 5.
Applications undoubtedly have benefits and drawbacks of their own, which prompt users to
respond and share their opinions in the review pool. This study used the Gradient Boosting
and Naive Bayes algorithms to assess reviews that were found on the Moodle program. After
preprocessing 1592 review data from the Moodle application, 1346 data were obtained for this
investigation. After being translated into English, these reviews were automatically classified
using the TextBlob library as having a favorable, negative, or neutral attitude. There were 406
neutral reviews, 375 bad reviews, and 565 good reviews out of the entire data. Next, the
algorithms for Multinomial Naive Bayes and Gradient Boosting were utilized to categorize
sentiment reviews. The study's findings demonstrated that the Gradient Boosting method
produced an accuracy of 85.2%, whereas the Multinomial Naive Bayes approach produced an
accuracy of 62.6%. Based on the study, the Gradient Boosting algorithm is superior in
detecting neutral sentiment compared to Multinomial Naive Bayes. The Confusion Matrix
shows that the Gradient Boosting algorithm can detect 79 out of 80 neutral values, while

Multinomial Naive Bayes only detects 13 out of 80 neutral values.



ABSTRAK

Aplikasi e-learning yang ada di Google Play Store mendapatkan jumlah unduhan
pemberian bintang yang relatif sama, ini menimbulkan pertanyaan mengenai relevansi dari
nilai bintang tersebut. Moodle merupakan aplikasi e-learning yang mempunyai nilai bintang
4,4 dari 5 bintang dengan 153 ribu ulasan. Suatu aplikasi tentunya mempunyai kekurangan
serta kelebihan tersendiri yang mengakibatkan responsi dari pengguna yang kemudian akan
diekspresikan ke kolam ulasan. Penelitian ini menganalisis ulasan yang terdapat pada aplikasi
Moodle menggunakan algoritma Naive Bayes serta Gradient Boosting. Penelitian ini
menghasilkan sebanyak 1592 data ulasan diambil dari aplikasi Moodle serta kemudian
dipreproses menjadi 1346 data. Ulasan-ulasan tersebut secara otomatis diberikan label
sentimen netral, negatif, maupun positif memakai library TextBlob setelah diterjemahkan ke
dalam Bahasa Inggris. Dari total data, terdapat 565 ulasan positif, 375 ulasan negatif, serta 406
ulasan netral. Algoritma Multinomial Naive Bayes serta Gradient Boosting akan diterapkan
untuk mengklasifikasikan sentimen ulasan. Perolehan studi mengindikasikan algoritma
Multinomial Naive Bayes menggapai akurasi 62,6%, sementara algortima Gradient Boosting
mencapai akurasi sebesar 85,2%. Berdasarkan penelitian, algoritma Gradient Boosting lebih
unggul dalam mendeteksi sentimen netral dibandingkan dengan Multinomial Naive Bayes.
Confusion Matrix mengindikasikan bahwasanya algortima Gradient Boosting dapat
mendeteksi 79 nilai dari 80 nilai netral, sementara itu Multinomial Naive Bayes hanya
mendeteksi 13 dari 80 nilai netral.
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